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Deterministic Surveillance Systems are 
Predictable and therefore Vulnerable

Deterministic systems have 
predictable outcomes

Stochastic systems inherently 
contain unpredictability
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Markov Chains are Simulated in MATLAB to 
Measure Detection Rate
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Markov Chains are Simulated in MATLAB to 
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Attack Duration = 6
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Markov Chains are Simulated in MATLAB to 
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Markov Chains are Simulated in MATLAB to 
Measure Detection Rate

Attack Duration = 5

Markov Chains are Simulated in MATLAB to 
Measure Detection Rate

Attack Duration = 4
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Markov Chains are Simulated in MATLAB to 
Measure Detection Rate

Attack Duration = 3

Markov Chains are Simulated in MATLAB to 
Measure Detection Rate

Attack Duration = 2
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Markov Chains are Simulated in MATLAB to 
Measure Detection Rate

Attack Duration = 1

Markov Chains are Simulated in MATLAB to 
Measure Detection Rate

Attack Duration = 0
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Markov Chains which Maximize Unpredictability 
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Lattice Topology

Markov Chains which Maximize Unpredictability 
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Maxentropic Markov Chains Exhibit Divergent 
Behavior when Measured Against Connectivity
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